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Pre 0.12 0.12 1

City GMC | 5134 375 1.37
(CIF) MRF 6.62 6.37 1.04
Total | 58.07 4398 1.32

Pre 0.16 0.16 1

Garden GMC | 4059 23 1.76
(SIF) MRF 5.16 5.1 1.01
Total | 4591 28.26 1.62

Pre 0.11 0.12 092
TableTennis | GMC | 39.13 29.76 1.31
(SIF) MRF 533 5.36 099
Total | 4456 35.24 1.26

Pre 041 04 1.03

Stefan GMC | 5083 22.12 23
(CIF) MRF 3.13 3.03 1.03
Total | 54.37 25.55 2.13

Pre 048 047 1.02
HallMonitor | GMC 46.71 215 2.17
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Total | 50.41 25.08 2.01
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(CIF) MRF 2.69 2.54 1.06
Total | 55.34 1453 3.81
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Total | 52.35 19.45 2.69

Pre 06 0.56 1.07
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Total | 56.21 4747 1.18
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Zld71EW

b

W7 Aekshe

9] pre-processing (Pre),

Global Motion Compensation(GMC), ST-MRF tracking(MRF)<] 4=

HAZE hehielel.

B 1748 £} A S-S 8olsl

3814 &

o

E27EW

H71} A qkeh=

=

4= 9t} Mobile2] 74

NE

W [71(%)

Algtats (%)

P

R F

P R F

City 9.09

9451 | P27

94.29 | 9.30

Garden 86.39

9318 | 89.51

92.28 | 89.97

TableTennis | 98.37

84.28 | 90.62

84.22 | 90.63

Stefan 89.52

6272 | 7242

62.20 | 72.52

HallMonitor | 79.47

80.21 | 79.74

79.69 | 80.00

Mobile 82.16

8278 | 81.99

7261 | 71.89

Coastguard | 63.78

89.30 | 73.88

8813 | 73.36

Foreman 94.28

86.66 | 90.17

87.19 | 90.53

K 86.26

84.21 | 84.20

82.58 | 83.78

X 29
F-measure(F) X%
84.21%, 84.20%2] T35
82.58%, 83,78%<] A=

/\]_g].\;],.‘: AL 3lo)sr

TnE JSu=

City #25

BT AQksh= 8
wo] o 199] AR e & 4 9l
1% ol 71 WHITIS] FA S A

- Stk

Trackmg by proposed ethod
City #25

o|E E3) 7|& H]—tﬂ[ IBRIE] xﬂo]-—g]_b HlH o]
+ Ad
S7h A Foreman/] -Or LISH) 2 Az o &

. ©]% Foreman Alg2 94 7”xﬂ7} == /\]34/\

710713 Aetal= B9 precision(P), recallR),
YERISITE 71E

I 77 e 86.26%,

Hi
WL 74zt Wit




2014 g=rtaote] A gkt 3]

4, 4

2 =RdAE #lYY 7W "9 1Y BAE o)&d
ST-MRF 7I§F F27] n&3 dhis Ajsisinh 3341714
MRF(ST-MRF : Spatial-Temporal MRF) 22 & o]4-3F VOT &L
52 F4Y e E5 Fa3 HEE o]&3to] MAP WS &
3 AA 9 A o] o] Fo|XIe}. ojm s} FA Q) o w WA= HY
SAAE BT A8l #AG9S 79 1Y A HAAHE o
gt EA] ek FAYTS st 48 Fdeitt 5%
Hgo] 22 A9 $49 B s G 7o #3ge
A AA A z"e EAEE gdFoR Y 5 ik 1 Ad

2~

IS
H264/AVCY EF ANAXE AdMY 3245 i precision
87.29%, recall 82.58%, F-measure83.78% = 7|3} n]awsto] oF
1%9] ApolE FA Ao HA A28l FEAIZES Hit 29.95ms =

s vase) 174 SRS nan

Q7 MR IEAY 2 AREAN|EATAE ] AREA

2 A
W AT Ale] dBoR SAREL.
%

tlo] Mulz FYFE g

[1] V. Mezaris, I. Kompatsiaris, N. V. Boulgouris, and M. G.
Strintzis, “Real-time compressed-domain spatiotemporal
segmentation and ontologies for video indexing and retrieval,”
[EEFE Trans. Circuits Syst Video Technol, vol. 14, no. 5, pp. 606 -
621, May 2004.

[2] C. Kis and H. Nicolas, “An approach to trajectory estimation
of moving objects in the H.264 compressed domain,” in Proc. 3rd
Pacific Rim Symp. Adv. Image Video Technol, pp. 318 - 329, 2009.
[3] W. Fei and S. Zhu, “Mean shift clustering-based moving object
segmentation in the H.264 compressed domain,” [E7T Image
Process., vol. 4, no. 1, pp. 11 - 18, Feb. 2010.

[4] S. Treetasanatavorn, U. Rauschenbach, J. Heuer, and A. Kaup,
“Bayesian method for motion segmentation and tracking in
compressed videos,” in Proc. 27th DAGM Cont Pattern Recognit.,
pp. 277 - 284, 2005.

[5] S. Treetasanatavorn, U. Rauschenbach, J. Heuer, and A. Kaup,
“Stochastic motion coherency analysis for motion vector field
segmentation on compressed video sequences,” in Proc. IEEE
Workshop Image Anal. Multimedia Interact. Services, pp. 1 -4,
Apr. 2005.

[6] W. Zeng, J. Du, W. Gao, and Q. Huang, “Robust moving object

segmentation on H.264/AVC compressed video using the
block-based MRF model,” FKeal-Time Imaging, vol. 11, no. 4, pp.
290 - 299, Aug. 2005.

[7] Sayed Hossein Khatoonabadi and Ivan V. Baji'c, “Video object
tracking in the compressed domain using spatio-temporal Markov
Random Fields,”/EEE Transactions on Image Processing, vol. 22,
no. 1, pp.300-313, Jan. 2013.

[8] R. Hartley and A. Zisserman, Multiple View Geometry in
Computer Vision, 2nd ed. Cambridge, U.K.: Cambridge Univ. Press,
2004, pp. 39 - 4.

[9] M. G. Arvanitidou, A. Glantz, A. Krutz, T. Sikora, M. Mrak, and
A. Kondoz, “Global motion estimation using variable block sizes
and its application to object segmentation,” in Proc IEEE
Workshop Image Anal. Multimedia Interact. Services, London,
UK., May 2009, pp. 173 - 176.

[10] A. Smolic, M. Hoeynck, and J.-R. Ohm, “Low-complexity
global motion estimation from P-frame motion vectors for
MPEG-7 applications,” in Proc. IEEE Int. Cont Image Process,
vol. 2. Vancouver, BC, Canada, Sep. 2000, pp. 271 - 274.

[11] J. Besag, “On the statistical analysis of dirty pictures,” /.
FRoyal Stat. Soc. B, vol. 48, no. 3, pp. 299 - 302, 1986.





