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Step 1.
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initialize network weights(often small
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Step 2. Present input and desired outputs.
Present a continuous valued input vector and

specify the desired outputs.
et,; = Zwﬁo,r +0;

Opj= finet,)

Step 3.
Compute error(prediction—actual) at the output units.
Update network weights.

Step 4.
Until all examples classified correctly or another

stopping criterion satisfied and return the network

(Fig 1) Back Propagation Learning Procedure
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(Fig 2) Vector Direction
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<Learning>

1. Leaf External Form extracts for each type of
Plant.

2. Eight direction vector digitize the leaf external
form image of step 1.

3. When it has continuously same values by step 2,
it has to deal with as two overlapping values.

4. To learning the obtain values from step 3. At
this time, we use to BP and HMM algorithm.

<Recognition>

1. The type of Leaf is normalization constant
value between 0 and 1.

2. Apply eight direction vector to contour of leaf.
When they are classified as the normalization
constant values in step 1. Of these look for
analogous to the step 2’'s values.

4. The class value with the highest similarity, in

other words, is selected an approximate value.

(Fig 3) Proposed Learning Algorithm
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Cirsium Pimpinella Ainsliaea Cardamine Sagittaria
setidens | brachycarpa acerifolia komarovi trifolia
(@) (b) (c) (d) )

(Fig 4). Part of Experimental data (leaves)
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((Fig 5) Obtained leaf shape images
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(Fig 6) Result of Experimental
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