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<  1> KAMIR    

Category No. Features 

  7 Age, Gender, BMI, Central Obesity, 
Ratio of Waist & Hip 

  7 

First contact medical center, 
Vehicles to first medical center, 
Transferred from other hospital?, 
Resuscitation prior to arrival, etc. 

  28 

Symptoms on admission, Previous 
angina before MI symptom, Chest 
Pain, Dyspnea, Heart Rate, Systolic 
Blood Pressure, Diastolic Blood 
Pressure, etc. 

  21 
Aspirin, BetaBlocker, ACEi, ARB, 
Cilostazol, Clopidogrel, Digoxin, 
Diuretics, Eztrole, CCB, etc. 

  13 Creatinine_on_admission, 
Total_cholesterol, HDL, LDL, etc. 

  61 
Initial therapeutic strategy in 
STEMI, Initial therapeutic strategy 
in NSTEMI, PCI, etc. 

  15 Aspirin, BetaBlocker, ACEi, etc. 

 152  
 

<  2>       
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(88.2%) 

1,020  

(11.8%) 

8,608  

(100%) 
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5.     

      
   <  3>  . Survival ( )  

  precision=96.5%, recall=89.3% ,  
    death ( )   

 precision=57.3%, recall=74.8% . 
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<  3>       

     

 
      

Precision Recall Precision Recall 

survival 94.5% 88.4% 96.5% 89.3% 

death 51.9% 67.8% 57.3% 74.8% 
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