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Analyzing Bearing Fault Signals through EEMD and Data Classification
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Table 1 Roller-bearing Specification

Dimension Value
Inner Diameter 15 mm
Outer Diameter 35mm
Width 11 mm
Type Cylindrical Roller Bearing

Figure 1 Measurement of Bearing Damage
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Figure 2 Measured & EEMD bearing signals
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Figure 3 Performance of classifications;
EEMD/EMD with kurtosis & entropy
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