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(1) Calculation of Similarity
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Sim(source face,target face(i)

RS =
Y.Sim(source face,target face(i))
Sim = Similarity
RS=Relative similarity
Fig 3

1. Obtain a subset f, of the human face

regions from an camera input frame.

2. Label f, from step 1.

3. obtain another subset B, of the face

regions from next input frame.

4. Measure individual similarity values

between f, and B,.

5. Label B, with the highest similarity
values to f, ,as the same face.

Fig 3. Face Tracking Algorithm
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