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ABSTRACT

Aerial imaging is one of the most common and versatile ways of obtaining information from the Earth
surface. In this paper, we present an approach by SOM(Self Organization Map) algorithm with 2 phase learning
to be applied successfully to aerial images clustering due to its signal-to-noise independency. A comparison with
other classical method, such as K-means and traditional SOM, of real-world areal image clustering demonstrates
the efficacy of our approach.
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