Xu Long - AEE
Zddietn F3ost A oA SE 5t
An Adaptive Median Filter for Impulse Noise Detection and Reduction
in Digital Images
Xu Long* - Nam-Ho Kim'
Dept. of Control and Instrumentation Eng. Pukyong National University

E-mail : nhk@pknu.ac.kr

Wibro 7149 71 2 BFog Qlste], A" s)&o] ol BoplA BgHm ok AL
g AE R AGSE BN TS geol o8 AeHy, JyRde Gyol AHE e
AR g0l Gaol vAE G Folt Aolth FARAL 98, e 7 PWEol Ay
ot 71Es] WHES H3AA SH0| vFsTh Heb B =RAAE ERHOR 432 AAR
7| A3 AeREE AR, ALY A, vhad DS FUAYE AS M DY RAFE A
ST 1Y AEHIME ol J1E PHEH Mol AXH TuBe $4AL Y5

A

ABSTRACT

According to the development and supply of Wibro technology digital technology is applied in several
fields. Digital images are damaged by various noises in the process of transfer and storage; the image
restoration is to reduce the influence of the noises on images by removing the noises. To make good image
restoration several methods have been proposed but the noise removal property is not satisfactory. Therefore,
to effectively remove noises noise decision is made and if it is decided as a noise, the size of mask is
enlarged; this is adaptive median filter algorithm that is proposed in this paper. And through simulation the
superiority of this algorithm to existing methods has been verified.
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Fig. 1. adaptive median filter mask.
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(c) Adaptive median
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Fig. 2. Simulation result.
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Table 1. PSNR of different methods.
. Method
Noise dantivd P 1
; aptive| Propose
density(P) | SM(3x3) SM(5 x5) median | method
40% 18.86 2511 27.34 29.07
50% 15.20 22.70 26.07 27.29
60% 12.34 18.55 24.43 25.58
70% 10.01 14.10 20.74 23.45
80% 8.1 10.38 15.47 19.84
v. &2 2
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