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ABSTRACT

In this paper, A real-time lane tracking algorithm is proposed for lane departure warning system. To
eliminate perspective effect, input image is converted into Bird's View by inverse perspective mapping. Next,
suitable features are extracted for lane detection. Lane feature that correspond to area of interest and
RANSAC are used to detect lane candidates. And driving lane is decided by clustering of lane candidates.
Finally, detected lane is tracked using the Kalman filter. Experimental results show that the proposed algorithm
can be processed within 30ms and its detection rate is approximately 90% on the highway in a variety of
environments such as day and night.
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