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Mass estimation of impact using hidden markov models
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Fig. 1 Experimental setup
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Fig. 2 Positions of accelerometers and excitation points
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Fig. 3 Feature vector for input of the HMM
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Fig. 4 Feature vector (DCT)
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Fig. 5 Mass estimation using HMM

Pryy=log(P(0]|4y))

EHEE 7171 HMMS ©]-&8te] Fig. 59} ko]
ABHAE Aok a% Jolel 1070 272
olgstel 11570 A58 ASe AFg F49
AIE Fig.6olA Hojth

100
& IZ 71.9%
g 60
8
5
E 40
g
20
° 46 65 94 177 247 291 36.9 458 689 112
Mass (g)
Fig. 6 Experimental result of mass estimation
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