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(29 1) stEalAe Wl 83 AHg HA <Algorithm 1> Adaptive Reduce Task Scheduling
Initialized as /DS =0, R= I
(2" D 71 shwel A fefs 9 At 01: When a HB message is received from node n
HASE E¥or HoFEy, HEFs 2o 9 b 02: if node n is processing a task ¢ then
olEHE 1A A7 EBZoz %A HDFS(Hadoop 03: rec_ord /s processing state;
Distributed File System)ol] #AF A= o] A A 8é iefngolée 1 completes task ¢ then
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CPU Intel(R) Core(TM) i5-2500 CPU @ 3.30GHz, quad core Ao s Ao AHge delHn g g2
RAM 8GB &l deolEE Aesly] Wi 9 i B9
HDD SAMSUNG HD502HM 500GB eHEE EAZ o AAaAA @t
Network RTL8111/8168B PCI Express Gigabit Ethernet controller
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