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- D1 & o] o] m(HA D)k, v(A)HfE &Rt
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HE A B C %l
wAE | 4,121 | 23,618 | 6,304 | 34,043
v & 12% 69% 19% 100%
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v s 9,236 10%
22 7,162 7.7%
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a7 9wl & 2,418 2.6%
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AR 2,598 2.8%
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<E 4> AR Y Y 4 2

=i EHNALE | ERrOER | HA
A3 A1 |Precision 83.1 80.7 81.9
Recall 81.8 80 80.9
F-measure 82.4 80.3 81.3
AR EE |Precision 82.8 79.1 80.9
2 Recall 81.5 78.7 80.1
F-measure 82.1 78.8 80.4
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78.7 | 789 | 78.77 | 82.4 | 84.1 | 83.2 | 80.5

79.2 | 80.2 | 79.6 | 83.1 [ 85.2 [ 84.1 | 81.2

76.5 | 773 | 76.8 | 81.7 | 82.5 | 82 | 82.6

78.1 | 78.8 | 78.3 | 82.4 | 83.9 | 83.1 | 81.4

¥ o, o

:Precision, R:Recall, F:F—measure

<3 6> o)A E5 o193 4% 33 - 39 37

TH| el HH oA A%) | AAHEZIA%) | K- 0] (%)
P R F P R F P R F
A | 848 | 875 | 86.1 | 86.2 | 80.8 | 834 | 73.6 | 77.1 | 753
B | 765 | 854 | 80.7 | 83.2 | 81.8 | 82.4 | 82.6 | 78.2 | 80.3
C [ 80.5| 70 | 74.8 | 842 | 752 [ 794 | 70.2 | 64.8 | 67.3
D | 834 | 8.1 | 84.2 | 85.7 | 80.7 | 83.1 | 74.1 | 76.8 | 75.4
E | 702 | 71.3 | 70.7 | 752 | 785 | 76.8 | 72.2 | 733 | 72.7
F | 73.1 | 70.5 | 71.7 | 78.1 | 769 | 774 | 742 | 72.2 | 73.1
G [ 713 | 683 | 69.7 | 769 | 747 | 757 | 72 | 702 | 71
H | 692 | 67.5 | 683 | 62.1 81 703 | 61.3 | 72.7 | 66.5
I | 71.1 | 694 | 70.2 | 76.5 | 77.1 | 76.7 | 72.7 | 70.9 | 71.7
J | 63.7] 61.5] 625 | 64.1 72 | 67.8 | 61.5 | 72.1 | 66.3
K | 76.1 | 83.6 | 79.6 | 839 | 80.2 | 82 | 80.4 | 79.1 | 79.7
L [ 617|584 ] 60 | 662 | 648 | 654 | 624 | 60.7 | 61.5
M | 64.1 | 68.1 66 | 695 | 70.1 | 69.7 | 68.1 | 622 | 65
N | 651 | 63.8 [ 644 | 712 | 758 | 73.4 | 684 | 61.7 | 64.8
H| 722 | 721 72 | 759 | 76.4 | 759 | 70.9 | 70.8 | 70.7

¥ P:Precision, R:Recall, F:F—measure
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