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where P'(w, |t) =

P(w; | t,), #f'w; has several POS tags
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Description Number
Sentence 139,828
Eojeol (space unit) 2,015,860
Morpheme 4,641,546
Tag 46
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System Recall Precision  F|-Measure Ql HlA AZESS A 7E A
LLMP 0.82 0.83 0.82
Traditional HMM system 0.94 0.94 0.94 F3EF
Proposed system 0.90 0.92 0.91
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