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Table 1, Distance Measure
No odap =X s Applet Bat3 Beetle10

Me | e | Al | Al | el
1 Applet 5 7 0 40 89
2 | Apple3 6 8 17 39 88
3 Apple9 7 9 14 40 89
4 | Applets 7 9 17 39 88
5 | Applels 8 10 23 37 86
6 Bat3 25 27 26 38 93
7 Bat4 40 40 45 38 84
8 Bat8 160 138 40 0 83
9 Bat10 65 64 49 45 81
10 Bat20 32 35 M 32 70
11 Beetle3 154 129 89 83 0
12 Beetle7 80 72 90 56 45
13| Beetle10 94 83 97 74 75
14| Beetleld 127 17 113 78 54
15| Beetle20 148 107 124 89 62
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