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Fig. 1. (a) Data set and (b) its estimated density using kernels
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1: mean = Kernel Density Estimator mean value
2: max = Kernel Density Estimator max value o’
3: min = Kernel Density Estimator min value
4: before_k = k
5: do
6: Threshold(Kernel Density Estimator, mean)
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8: if label_count ) k then _—
9 if label_count ( before_k then
10: min = mean (a) before (b) after
11 mean = (max + min) / 2 } | | . |
12 ose 2 8. st 2t AN A Zio= iyl Ay
. Fig. 3. Density substraction using the minimum density of
13: max = mean .
14: mean = (max + min) / 2 the labeled region
15:  end
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Table 1, Experimental results
(a)mIkel Bl (o)FCM
1 06954 13612
2 0.7371 18.993
3 0.5892 17.788
4 0.5383 24928
5 11993 17,2055
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o mEeE 2 AT 6 05694 22,0083
Fig. 2. Labeled density function
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Fig. 4, Comparison between the proposed method and random
initialization method
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