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BOD (Biochemical Oxygen Demand), TOC (Total Organic Carbon), T-N (Total Nitrogen),

T-P (Total Phosphorus), SS (Suspended Solids)
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Fig. 2.1 Study area and location of unit watersheds
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Fig. 2.2 Box-whisker plot for water quality and runoff data at the respective stations:
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Fig. 4.2 Component planes for the six variables after

the study
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