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ABSTRACT

In this paper, in order to improve safety of hybrid electric vehicle a fault detection algorithm is introduced. The proposed
algorithm uses SVDD techniques. Two methods for learning a lot of data are used in this technique. One method is to learn the
data incrementally. Another method is to remove the data that does not affect the next learning. Using lines connecting support
vectors selection of removing data is made. Using this method, lot of computation time and storage can be saved while learning
many data. A battery data of commercial hybrid electrical vehicle is used in this study. In the study fault boundary via SVDD is
described and relevant algorithm for virtual fault data is verified. It takes some time to generate fault boundary, nevertheless once
the boundary is given, fault diagnosis can be conducted in real time basis.
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