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Effective Criminals Face Recognition
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Integrating Holistic and Local methods
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24 d4e Fa 1980 Tl Siroviche} stFaty] S8 Abg gt
Kirby= Atg d2E58 Aoz xds7] 93 ol & 3ty AAEL T Abdel o= DB
A PCAE Abgstes 7S JiEstsla, 19919 Tl Hi MR deAA @e dF o|mA Tt
Turk®} Pentland”7} Q=4S 943t o] 719 S Yol HW HMMS F3 #5HEHE FE3t0] o
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2.3 AdaBoost - Face Detection
dRUS Ao NAGE BoblA] AYMAL o] 5% UIE
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HMM2 Al&ztd o Wolg 7k Abds =2l HEU A lojd 9= A9E gt o= o
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UL FrEH XS fg aHAoln 4 Larg Aorsk A|Awle WA ddg o|uxo A A=Y
T& 7R 97 wEel o ol S&H L Qe Zzer =Z2d oluAz HAH dZolA
A tH6] duglEy A9 dEA] FugFor 747t g
HMM &ugjs2 g4 dA4 £971s & Foth 2 dugFon FFsly] A gEw ol
E @to= Akel A4S st o] W gE AAE A= Gray-Scale 9702 W3y = st A2
Viterbi ¢ig]&S Sl Fd€rh BAHE AR
Viterbi &are]&2 “%7] Aejel 7] AA o] of s Aol BuW xdA gZolal oty =)
= el golde A2AES A A AAHomTH A A Adzold dugZe] AL 23 AL 3§}
L dEfel el & Holojof drkE Ao e A A}
(Principle of Optimality)ell <715 i Sith AdE JAL A dugZog WA FHPS 3
ZF JRQl A= oW Ao i3k FEE= HMMO = = ol AZE Ue ATE A1 Q= do]E Mo 27t
zdstH stFS 9 22 Aol dig o] QA EAHA e A9 daglF o 23 A4 &
HaE59 HEEs ARggth 2 onx EE9 =) 8k}
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Learning
for each training image
do
Preprocessing
Set the face area
pca(image), hmm(image)
save image patterns
end

Recognition : Algorithml
for each test_image
do
Preprocessing
Set the face area
pca(test_image)
if distance <= «
prediction
else
hmm(test_image)
if distance <=
prediction
else
prediction nodata
end if
end
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