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ABSTRACT

There are many applications that require robust and accurate eye tracking, such as
human-computer interface(HCI). In this paper, a novel approach for eye tracking with a principal
component analysis on rotated face. In the process of iris detection, intensity information is used.
First, for select eye region using principal component analysis. Finally, for eye detection using
eye region's intensity. The experimental results show good performance in detecting eye from
FERET image include rotate face.
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