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Understanding of the Misuse Cases of

Quantitative and Qualitative Regression Analysis
H A 2=
Abstract

The research shows misuse cases of quantitative regression analysis used in QC
circle activity and six sigma movement which presents guidelines of correct use
for quality practitioners. Additionally, the qualitative regression analysis that
responses nonconforming ratio of variable y, is reviewed based on misuse cases for
proper use by practitioners in the field. In most cases, there are frequent errors
that involve the correlation analysis or ANOVA, regardless of using quantitative
regression analysis. In addition, qualitative regression analysis for the
nonconforming ratio that has dependent variable of discrete and categorical data, is
often applied with quantitative regression and result in ineffective quality
improvement.
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ot}. DOE®] ANOVA: 34 FHdt, dAFED FdS A&tz 7584
BHoR FRPAE 7FoR He muort sy ASE HAYeR gt o
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DOE¢] ANOVAE v‘i‘@]@' A$ 3724 2ol GLM(Generalized Linear Model)&
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y7F Aol W3 Eﬂ olEfolal z7F AlFALHolEQl -+ Logistic Regression
BAS 27t Aol MFEE dgolE < A$E Log Linearial S 2 A&k},

Logistic Regression v‘f—ﬁ% [1% 2]<} EO] o] %3 (Dichotomous) A& 3] 7] 329
e y == PO 0~1 gs —oo~coR WESF7] 918 Wrgoltt. <19H2.6b>9]
2228 S5 Pr=exp(B8,+B2)/ (1 +exp(B,+ Biz) =1/(1—exp(By + Byz)) o]t}
S 2L A4S AAH [2™ 2l B2 Logistic Regression #7F )
P,=1/(1—exp(3,+3,2))2 y RangeE 0~oco 2 H¥F1 Odds RatioZ T3t7] ¢
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(a) ol€8= A9 AT by 2A=F T (c) Logistic Regression &5
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