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Emotion classification using physiological signal
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1. A&

HCI(human computer interaction)el|A 2175419
Ae|Fo] 27t FQstA AARAA Hel wah, AFE
2 71AE AA QAT Bl digk @& ATt
A3 Qley. 53] e—learning, AY & ol &% #,
AR B AR=E o]&3 o w7l S
¥ = Fo] FR3HA AR =], AR AT
AFES AFES o] S AAEe R #A st T
ke eSS AFettd AMSAT A g oE Y
Ad=E AR Flo|t},

Z1Ee A Qly, I AFE FE AR dE
Ao 2¥& @311 9t (Zeng, Pantic, Roisma, &
Huang, 2009). & 59 Kaliougy ¢ Robinson =
=2 S o] &3t 6 7HA Y AR HE wEs 47,
77.4%2 g WHEES RATE oY dFEHEL
7oz 3 A wHe e AIZHEES
HolAwr o 2% 4 Fo] JhEdtte
ol itk wEba ohekd AR Aol A,
AFES deE 23S gEFEAY, uE B oeR
th x| A1 4= )tk (Picard, Vyzas, & Healey, 2001).

olgst LAE Hesty] f3te], A& AASY} e
AANZE AHEE da7F Ut AAME dod)e
dgro] A7ld HbeS doy|a, ol 3 A
=78 FA3ttk= James—Lange ©] & (James, 1884;
Lange, 1887) °o|% FE2 Ao dist guks
AF7F HPEo] gty ol AAJA AFANE
wpzb7bA] 91|, Picard $F $EE(2001)2 8 7HA
AXE AANSE B3 was 4, HJ_ 46.3%2
AgAdES 5891, Kim 3 S8E(2004)2
AANTE olgst] 4 7HA HAAME 61.76%°)
5= FE A

stARE, AANEE ARESE dFEY FA
AFNM = o Ao 2 RE FES HolHE AREEo],
olEFEH EEFI LuHEFsE TS AlEEelA
Ag3t7] oHbE W] Qlth. o]& Hekshr] $lshod
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2 AFelAE ugst ARy AEs
AG@riarz ey A AE dHolEE  F35k,
AFE, FTu, 718, FHS ARESte] AA s
ERETA=S

2. A8 FHA

21. 4Has &F

2 AFedAMe A, ZHZ, a8 AEgeE
AAE 4 A AAAAFE, T, 7E, FHE
AR A A A A H, e o8 Y
AHEAAA s SAEAT. AT g
129 H&Ea 2200 F AAd 88 H(HA
16.0 Aol et

Aea s AAE(Elcetrocardiogram;  ECG),

% & (Respiration; Resp), M 3(Photoplethymograph;

PPG), ¥¥#A7)&% (Electrodermal activity; EDA),
&7 ] F-2 % (Skin Temperature; SKT)E
SRk a=
2.2. feature £&

AAAN T AN FEI  feature = T3 Lo}

MHAEAA 9 7| feature, TFA 4 7| feature,
wylol A 2 7] feature, EDA oA 2 7§ feature,

SKT oA 2 78 feature, & 18 7§ feature =
FE3k3lt
H 1. dHAN=E feature

AT feature

ECG HR(heart rate), SD_RRI(standard

deviation of RR interval), RMSSD(square
root of the mean squared of successive
normal—to—normal RR interval),
pNN50(percentage of successive RR
interval differences>50ms),

RSA(respiratory sinus arrhythmia), LF(low

frequency), HF (high frequency),




HRV (heart rate variability)

Resp Resp_R(respiration rate),
Resp_Rsd(standard deviation of respiration
rate), Resp_A(respiration amplitude),
Resp_Asd(standard deviation of respiration
amplitude)

BVP(blood volume pulse), PTT(pulse

transit time)

PPG

EDA SCL(skin conductance level),

SCR(maximum skin conductance response)

meanSK T (mean of skin temperature),

maxSK T (maximum skin temperature)

2.3. A8 A
EE 30 x& AAZARTE M AAE A
4G 3 FF 30 2 5%ty feature #& FE3H
F, bgdEet AAREYEH Y AANE feature 9
wglgs  ol&ste] A WEHE ] HE
AYPEEA S 3l
2 MEpsEss 025t Ul I M B
2| 55 51 7 =

A F3h 41.4 13.6 13.6 31.4
Zu 14.2 44.3 13.6 27.8

718 9.2 17.9 69.4 3.5

%= 20.2 21.3 6.9 51.6
51.7% JEHE

I A3, AA 51.7%, AFF 41.4%, v, 44.3%,
71 69.4%, FH 51.6%9 AIFWEER AAE
a3 T

APBHEA S A}g5to] =3 P 7 AA HAM )
A F=AE gotrr] 93 Kappa ATE T3St
O Ax AA AL 59 A7 FAFEolde®

2 %] 8} tHKappa=0.355, A& % p<0.001).

SHE ALt A 71”“ T A7 A A
sl AR Aot
H 3. MYEREEME 0|85 Nl 7K FAM T
A7 718 =9
A 73 45.0 14.2 40.8
715 13.3 74.6 12.1
= 23.4 7.4 69.1
63.2% ASHAE
2 A AA 63.2%, AFE 45.0%, 71 74.6%, T

69.1%2) AEAEFZ A 71X HA7) IEE )
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