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Algorithm DCTree()
Input  the training samples (samples), represented by discrete-valued attributes, attribute list
Attribute List : the set of candidate attributes
Method
Call Decidelode()
create anode N;
if samples ave all of the same class, C then return N as aleaf node labeled with the class C;
if attribute-list is empty then return N as aleaf node labeled with the most common class
in samples;
select test-attribute, the attribute among attribute-list with the highest information gain;
label node N with test-attribute;
for each known value a of test-attribute grow a branch from node N for the condition test-
attribute = a;
let 5, be the set of samples in samples for which test-attribute = a;
if 5, is empty then attach a leaf labeled with the most common class in samples;
else attach the node returned by generate_decision_node ;
Output : Decision Tree

A ¥ E

o] &% EF 2d9 A¥= I}
al

A ol o g3 AT BF FH 4AED
Prhehe BAZA FAdolE ] ARES FEH5A

EE 2% AP dolEE olgdte] Y
th o8 Bal B4 AYE BF A gaE
e ER pastn "ad 4% A

Algorithm Faise Alert Classifier()
Input : the test data, represented by discrete-valued attributes, attribute list
Attribute List : the set of candidate attributes
Method :
Call Classificr()
1. Load the Decision Tree
2. Partition into classification rules of IF-Then structure
3. Counting the number of classification 1ule
4. Decision Class Compare given input data to a number of classification rules
5.4 repeat until no more exist data

Output : Classification Rule (True Positive/False Positive)
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