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ID3 based Obstacle Avoiding and Motion Pattern Selection Algorithm for Bio-inspired Fish Robot-Ichthus
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Fig. 2 System architecture
Fig. 1 Monitoring of PSD sensing data
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2.2. Digitizing Sensing-data for Energy Variation
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2.3. Motion selection
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Front_PSD  Right PSD  Left_PSD | Aboiding Motion
Regular High High UP / DOWN
High High Low LEFT / RIGHT
Low Regular Low UP / DOWN
Low High Regular LEFT / RIGHT
Low Low High LEFT / RIGHT
Regular Low Lo UP / DOWN

Fig. 3 Example of Training data table
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Fig. 4 Decision Tree of Training data
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2.5. Motion Filtering
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2.5. Motion + Speed Selection
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Fig. 5 Process of Avoiding motion
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