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2Z(Inference attack) JIs&0l MEAH MAZIACH1]. 0l 2Xot)] st =2 2201 st AR[2,3,4]0t
BEocz /AL =2 =2 Z2Eo HACIE 0l HSEW M2t CIOIEHE 23S0t fst dYst I8
HEIF QP UCH OlH S2XL FE 3H2 =22 3ME U2 ©&E HILUA HOL 2 loIE It
Ne DKo JIEE A2 0lE2d ZCl0IHAIE &AMl EEIZ 2&otld JACHS5]. 2Lk SH Hid K49
P2 22 RY=2Z2MO SHE 0I=8 HIOIE Z2I0IHAIS 2 0XIJF XS0E 37ot, oo st =3It
HEs AFOICH 2 =22 SHO 2 tHE XAS 2ZH2 & MZ2 =22 229 Mo/t 0l0 CHelaH JHoHelel
I2I0OIHAIE ES0ot)| | M22 2Agst 2els I8 =8 S=0.
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Jlgl Ttalg ol=Es A¥st JIH2 &M HOoIE SH E4= 0188 J18 XAl XFHAH JA2M, 0] SHUN=EE
HIECZ M=Z&2 A9 JI¥HE AL AR ACH &M It XA 20FHAM 0l#FIF & Ys SHE 0SSt
JIEHXIAl BH2 J|E9 g JIYHOZE= HI0IES Z2I0IHAl 280t £Jtsolth g 0 &tLel §Z0|
e FZ2=0 dliol =2 EUS JIAUY SA3AX= 2#E9 EUE =X2%A= 2HLU0 CHE FESHe HES
HIW3IH S8 22 FEE £ UL otk A2 OE FES0| E:EXHCZ Z X0t JUCHH &2HEH F2 A0
olol & Z2t0IHAI ==ECh Metd 2 §Z229 &8 g2 ol Hl=xs &EEs2 I SE=0 stue
=50 &es=E e JIE0l 2RotCh 0 M, HEXN =222 Sol S& 0| =als FEJUCOH g2 FE2
OlZoll =IJtEQl =8 3H0| JI=sollt. 0|18 ASHol &#EXM =8 3A0|2h &2lstlh.

[Ho] 1] A=l &8 X 82 Z2A(Continuous Probability Inference Attack)
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(2)010| Safety stateE 0I2 SE gt0l e M, =II2 &eE E20|
Mo J1gel s 2else Ci2d 2L,
Algorithm
Input : T(data in database to be anonymized, Having QI, SE value)
K(parameter for K-anonymity, user configure)
Max—threshold
(parameter for probability threashold value, user configure)
Min—threshold
(parameter for probability threashold value, user configure)
Output : T'(anonymized bucket table of table T)
1. Check the all tuple which has highest probability of SE value.
2. Check the K-anonymity and Max,Min threshold
2.1:form Block using tuple which has Highest probability of SE
value.
2.2:insert the other tuple(consider k,Max,Min and L-diversity)
2.3:create the probability meta data.
2.4:repeat form Block using other tuples.
3:Check the remain tuple.
3.1:create block among remain tuples.
3.2:check the probability meta data, and insert to block.
3.3 check the remain tuple and search the adequate block.
4:Publish anonymized table T’
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