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Train & Test

Train the network on the training images,
then check its accuracy on the test images.

Last trained: 03:35PM Sep 15

recognition on the test images
Show Histary

100%

Count each inference as carrect
if the true category is in the top:

|
¥ Training Options

Perform additional training to handle:

¥ Shifts

¥ size Changes

W Mirroring

¥ Small Rotations

These increase the trainfoptimize time.

Optimize & Test,.,

Find the best network parameters.
Click for more information,
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