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Input: ParseTree
Output: Nouns, Adjective, Adverb
Steps:
1. Search ParseTree until JJ is detected
2. Let Opinion, Recent =jj
3. Find first NP ascendant of detected JJ before get to first
ascendant S
4. If NP exist as ascendant of JJ
4.1. Let Recent = NP
4.2. Let Feature = Recent without jj
4.3. If RB exist as sibling of Recent or Opinion
4.3.1. Let RB = RB sibling of Recent or Opinion
5. Else If sibling of JJ is S
5.1. Let Recent =S
5.2. Let Feature = VB descendent of Recent
5.3. If RB exist as sibling of ADJP parent of Recent
5.3.1 Let RB = RB sibling of ADJP parent of Recent
6. Else
6.1. Let Recent = VP ascendant of JJ
6.2. Feature = NP sibling of Recent
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