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1: Compute the ETC matrix
Preference Setup::

2: Decide w; and w; according to the resource site’s policy
GA Start::

3: Population Initialization

: Evaluate the fitness values of each individuals

by using equation (1), (2), and (4)

: Select better individuals

: Make offspring by crossover and mutation

: If the termination condition is satisfied then stop here

: Otherwise iterate GA procedure

: Make correspondence matrix between jobs and resources

10: Scheduling according to the correspondence matrix
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(¥ 2) A GA-based Reconfigurable Job Scheduling Algorithm
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