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ABSTRACT

In this paper, we used Support Vector Machines(SVMs) as the learning method, one of Artificial Neural
Network, to segregated from the continuous speech into phonemes, an initial, medial, and final sound, and
then, performed continuous speech recognition from it. A Decision boundary of phoneme is determined by
algorithm with maximum frequency in a short interval. Speech recognition process is performed by
Continuous Hidden Markov Model(CHMM), and we compared it with another phoneme segregated from the
eye-measurement. From the simulation results, we confirmed that the method, SVMs, we proposed is more
effective in an initial sound than Gaussian Mixture Models(GMMs).
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[1. Support Vector Machines(SVMs)
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A/D 16kHz, 16bit
Filtering LPF, 7KHz
Step Size 60 point

Window Length 256 point
Feature Parameter MEFCC 14th
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