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SYNOPSIS : The settlement prediction is very important to preloading method for a construction site on a soft
ground. At the design stage, however, it is hard to predict the settlement exactly due to limitations of the site survey.
Most of the settlement prediction is performed by a regression settlement curve based on the field data during a
construction. In Korea, hyperbolic method has been most commonly used to align the settlement curve with the
field data, because of its simplicity and many application cases. The results from hyperbolic method, however, may
be differed by data selections or data fitting methods.

In this study, the analyses using hyperbolic method were performed about the field data of OO site in Pusan.
Two data fitting methods, using an axis transformation or an alternative method, were applied with the various
data group. If data was used only after the ground water level being stabilized, fitting results using both methods
were in good agreement with the measured data. Without the information about the ground water level, the alternative
method gives better results with the field data than the method using an axis transformation.
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