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ABSTRACT

In this paper, we propose the method the vehicle color recognizing in the image including a
vehicle. In an image, the color feature vector of a vehicle is extracted and by using the
backpropagation learning algorithm, that is the multi-layer perceptron, the recognized vehicle
color. By using the RGB and HSI color model the feature vector used as the input of the
backpropagation learning algorithm is the feature of the color used as the input of the neural
network. The color of a vehicle recognizes as the white, the silver color, the black, the red, the
yellow, the blue, and the green among the color of the vehicle most very much found out as 7
colors. By using the image including a vehicle for the performance evaluation of the method
proposing, the color recognition performance was experimented.
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RGB 54 g HSI 54 9
learning rate 0.3 0.3
Epoch 915 2533
Tss 0.01 0.01
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A B4 WEHE 85 backpropagation &
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¥ 2. RGB M4 &3 wg <l2 Ay

A A2 Il A& A
white 28/30 93.3%
silver 28/30 93.3%
black 29/30 96.7% 91.4%
red 28/30 93.3% (192/210)
vellow 30/30 100%
blue 27/30 90%
green 22/30 73.3%
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¥ 3. HSI A4 % W 22 Ax

A Q12 7l = QA& Z A
white 26/30 86.7%
silver 19/30 63.3%
0,
black 28/30 93.3% 83.3%
red 27/30 9096 (175/210)
yellow 30/30 100%%
blue 26/30 86.7%
green 19/30 63.3%
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