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ABSTRACT

this paper, an eye tracking method is presented by using on iterated spatial moment adapting weighted
level that can accurately detect and track user’s eyes under the complicated background. The region of
is detected by using Haar-like feature before extracting region of eyes to minimize an region of interest
the input picture of CCD camera. And the region of eyes is detected by using eigeneye based on the
eigenface of Principal component analysis. And then feature points of eyes are detected from darkest part in
the region of eyes. The tracking of eyes is achieved correctly by using iterated spatial moment adapting

weighted gray level.
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