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Comments Classification System using Support Vector Machines and Topic Signature
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Abstract Comments are short and not use spacing words or comma more than general document,
We convert the 7—gram into 3—gram and select key features using topic signature, Topic signature
is widely used for selecting features in document classification and summarization, We use the
SVM(Support Vector Machines) as a classifier, From the result of experiments, we can see that
the proposed method is outstanding over the previous methods, The proposed system can also
apply to other languages,
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