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<Table 1> Time table resulting from filtering and
windowing applications.

Original
Original Original Image
Original Image Image +
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(Hanning)
BP 36" 48" 26" 24"
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(Fig. 2) Comparative analysis taken from control
and experimental 3D volumes. Yellow and red
colored densities were taken from control (reconstructed
from original image) and experimental (reconstructed
using sobel filtering and hanning windowing) volumes,
respectively.
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(Fig. 3) Eletron tomographic images following to
sobel filtering and hanning windowing.
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