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Detect outliers and remove them

. 2

Clustering Normal vs. Abnormal data
(using a normal cluster's center with
pre-defined values for each attribute)
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Decide abnormal situation
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Send data to host more frequently
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Restore Data for given time unit
(such as 1 hour, 1 day)

. <

Clustering the Normal Data
(using SOM algorithm)
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Represent the result map

. 4

Detect changes by time flow
and forget outdated data

2> ZrENAY e Ag v

2,

o] &

s}

to O

f

z

=
(E
ox
e

o
b
= 2
P‘L
32
e
2
-
o
1
e
N
o
b
=5
N
4
X,
2
X

o
L

Lo,
N
==

1=
-

[>
e}
o
i
X,
o
=l
4 A
ol
>

Kuf
i
re
-
w
ri_"
X
=
o

o,

o 2
off X
N
)
B
0%
>,
i
=
o,
2
o

i)

o

+
30
tlo
o)
it

[1] =4 B354, “USN 7]
AHYE A% ARFP Al2" 57, FHHE
Rd WaES 913 USN d4A18 A+39A4, dRAS IS
4 &9 oA (http://www.nia.or.kr/), 2006

[2] = HEAS S, “u-HEd HEEHE F5AE7,
u-City HHZEHWE=E 534 T 23R4, 2008

[3] A, “AlA MEHA A7 2 FE&s Ak, A4
HEAATFEY F7ss & 13255, 2007. 12

[4] D. Barbara,
streams,” SIGKDD Explorations, 3(2), Special Issue on

wre 97

o>

} 3

L

>‘
> A

2~ AH] &

4

"Requirements for clustering data
Online, Interactive, and Anytime Data Mining, 2002

[5] P. Bradle, U. Fayyad, C. Reina, "Scaling clustering
of the 4th
international conference on Knowledge Discovery and
ata Mining, 1998

algorithms to large databases,” In proc.





