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Abstract

Robust face recognition under various illumination
environments is difficult to achieve,

recognition robust to illumination changes, usually face

For face
images are normalized with respect to illumination as a
preprocessing step before face recognition, The
anisotropic smoothing—based illumination normalization
method, known to be one of the best illumination
normalization methods, cannot handle casting shadows,
In this paper, we present an efficient illumination
normalization method for face recognition, The proposed
illumination normalization method separates the effect
of illumination from eigenfaces and constructs an
illumination—separated eigenface subspace, Then, an
incoming face image is projected into the subspace and
the obtained projected face image is rendered so that

casting
Application to real face

illumination effects including shadows
reduced as much as possible,
images shows the proposed illumination normalization

method,
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