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H 4. Results of Proposed Method

Initial Demand Based Final Mixed Adjacency Matrix
Directed Adjacency Matrix Based Result
Node Betweenness Normalized Node Betweenness Normalized
ID Centrality B,C ID Centrality B,C
2 18 30.51 2 22 20.37
1 10 16.95 7 13 12.04
10 9 15.25 1 12 11.11
7 7 11.86 5 11 10.19
5 4 6.78 4 10 9.26
3 3 5.08 3 9 8.33
11 3 5.08 10 9 8.33
9 2 3.39 6 5 4.63
13 2 3.39 3 4 3.70
1 1.69 9 4 3.70
- - - 11 4 3.70
- - - 13 3 2.78
- - - 12 2 1.85
59 100.00 108 100.00
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