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Structural Design of Optimized Fuzzy Inference System Based on
Particle Swarm Optimization
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Abstract - This paper introduces an effectively optimized Fuzzy model identification by means of complex and nonlinear system
applying PSO algorithm In other words, we use PSO (Particle Swarm Optimization) for identification of Fuzzy model structure
and parameter. PSO is an algorithm that follows a collaborative population-based search model. Each particle of swarm flies
around in a multidimensional search space looking for the optimal solution. Then, Particles adjust their position according to their

own and their neighboring-particles experience. This paper identifies the premise part parameters and the consequence structures
that have many effects on Fuzzy system based on PSO. In the premise parts of the rules, we use triangular. Finally we evaluate
the Fuzzy model that is widely used in the standard model of gas data and sew data.
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