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UAV(Unmanned Aerial Vehicle) image stabilization algorithm
based on estimating averaged vehicle motion

of F Alx, L & Bwx, G W T
Lee Hong-Suk*, Ko Yun-Ho**, Kim Byoung-Soo***

Abstract — This paper proposes an image processing algorithm to stabilize shaken scenes of UAV(Unmanned Aerial
Vehicle) caused by vehicle self-vibration and aerodynamic disturbance. The proposed method stabilizes images by
compensating estimated shake motion which is evaluated from global motion. The global motion between two continuous
images modeled by 6 parameter warping model is estimated by non-linear square method based on Gauss-Newton
algorithm with excluding outlier region. The shake motion is evaluated by subtracting the global motion from aerial
vehicle motion obtained by averaging global motion. Experimental results show that the proposed method stabilize shaken
scenes effectively.

Key Words : Image stabilization, UAV(Unmanned Aerial Vehicle), Gauss-Newton Algorithm, Non-Linear Least
Squares, Affine Transform
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