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Research for experimental methods of mechanical parameters
estimation of the mobile robots
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Jong-Mi Chai, Joong—un Park, Jihong Lee, Ji-Yong Kim

Abstract - In this paper, we handle automatic estimation of mechanical parameters for mobile robots. Most estimation
methods are based on the sequence and move-measurement-estimation. Estimated accuracy is largely dependent on the
paths. Mathematical conditions minimizing estimation errors are derived, and then a method finding optimal paths for

mechanical parameters estimation is proposed.
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2. Background

2.1 Modeling of Mobile Robot
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2.2 Parameter Estimation Technigue
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3. Path planing for Parameter estimation

3.1 Concept
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3.2 Estimated condition
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3.3 About Genetic Algorithm
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4. Experiment
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5. Conclusion
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6. After Study
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