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selected | selected | consequence .
Type . X noise PI EPI
input cluster polynomial
2,3,4,5 6 constant free 0.4199 0.3133
2,3,4 4 linear free 0.0755 0.1022
2,3,4,5 3 quadratic free 0.0344 0.1021
NOx 2,3,4,5 7 constant 5dB 0.8750 1.0200
2,3,4,5 3 linear 5dB 0.3350 | 0.9270
Typel 53715 2 quadratic | 5dB | 0.1970 | 0.3430
2,3,4,5 6 constant 10dB | 0.9290 0.8960
2,3,4,5 4 linear 10dB | 0.3590 | 0.4220
2,3,4,5 3 quadratic 10dB | 0.1990 | 0.3520
2,3,4,5 6 constant free 0.4196 0.5327
2,3,4 4 linear free 0.0705 0.1583
2,3,4,5 3 quadratic free 0.0341 0.1231
NOx 2,3,4,5 7 constant 5dB 0.4359 0.5281
2,3,4,5 3 linear 5dB 0.1563 0.2052
Type2 ™5345 2 quadratic | 5dB | 0.0442 | 0.0840
2,3,4,5 6 constant 10dB | 0.4306 0.5674
2,3,4,5 4 linear 10dB | 0.0670 | 0.1457
2,3,4,5 3 quadratic 10dB | 0.0376 0.1145
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