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abstract
Recently, there are many research of datamining. On the transaction dataset, association rules is
made by finding of interesting patterns. A part of mining, sub-structure mining is increased in
interest of and applied to many high technology. But graph mining has more computing time then
itemset mining. Therefore, that need efficient way for avoid duplication. GASTON is best algorithm
of duplication free. This paper analyze GASTON and expect the future work.
Keyword : graph mining, frequent pattern minnig, pattern growth method, free tree base extension
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