Fast foreground extraction with local Integral Histogram
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Abstract ~ We present a new method of extracting foreground object from background image for
vision—based game interface, Background Subtraction is an important preprocessing step for
extracting the features of tracking objects, The image is divided into the cells where the Local
Histogram with Gaussian kernel is computed and compared with the corresponding one using
Bhattacharyya distance measure, The histogram—based method is partially robust against
illumination change, noise and small moving objects in background, We propose a Multi—Scaled
Integral Histogram approach for noise suppression and fast computation,
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3. Multi—Scaled Background Subtraction
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