Face Tracking and Recognition on the arbitrary person using Nonliner Manifolds
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Abstract = Face tracking and recognition are difficult problems because the face is a
non—rigid object, If the system tries to track or recognize the unknown face continuously, it
can be more hard problems, In this paper, we propose the method to track and to recognize
the face of the unknown person on video sequences using linear combination of nonlinear
manifold models that is constructed in the system, The arbitrary input face has different
similarities with different persons in system according to its shape or pose. So we can
approximate the new nonlinear manifold model for the input face by estimating the similarities
with other faces statistically, The approximated model is updated at each frame for the input
face, Our experimental results show that the proposed method is efficient to track and
recognize for the arbitrary person,
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