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Abstract This paper presents a speaker identification technique which is one of
the basic techniques of the ubiquitous robot companion, Though the conventional
mel—frequency cepstral coefficients guarantee high performance of speaker
identification in clean condition, the performance is degraded dramatically in noise
condition, To overcome this problem, we employed the relative autocorrelation
sequence mel—frequency cepstral coefficient which is one of the noise robust
features, However, there are two problems in relative autocorrelation sequence
mel—frequency cepstral coefficient: 1) the limited information problem. 2) the
residual noise problem, In this paper, to deal with these drawbacks, we propose a
multi—streaming method for the limited information problem and a hybrid method
for the residual noise problem, To evaluate proposed methods, noisy speech is used
in which air conditioner noise, classic music, and vacuum noise are artificially
added, Through experiments, proposed methods provide better performance of

speaker identification than the conventional methods,

8J4]o]: Ubiquitous robot companion, Speaker Identification, Mel—frequency cepstral
coefficient, Relative autocorrelation sequence mel—frequency cepstral coefficient, Multi—

Streaming method, Hybrid method
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