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o™ X 2AMIF dY6tais 20ls 1 SAES AHAN et 0t s 2T (0 5A 2A),
Ot S2YE =S JCHO: Al). O H3E= 0ledst ‘20le &M (semantic transparency) & HEXEO
2 SJE = JAUL Jidsetl, 0l 20le HEHdE2 mHsi= ool HoE2 AM(word association)2
SEEEHH HES0 HZEH Jlsot=X0l ol =3tCt OI2 Qo EF SOt HMME HAGIHA &
M3t= neighboring frequency2t degeneracyE &2 Markov chain Monte Carlo scheme2 & &34l
0 2I0l2('Semantic Hypernetwork' )22 &&AI2I £ 22A2 24 HOsSH 1 s 219 A& MEHE
MI2AGIACH R2lE 2ADIECR 1 ZA0 2HGHH UHeE SAHS(RA ANE HHASZ 0 B0l ofE
H Ol=2 20l HEtd2 =Fot=Al 46U CH Neighboring frequency 2t degeneracy, 0 & 40|
A PEOMAS 201 DD & M I KRS JIRZ2AH HOHE £ UL =2 2319 = 2
2 1) HAEQ Q2N SYHES LSl SHE SHA, 2) 2AH2 20I2Z0 st M2 I8 &
2, 3) JIEQ 2A9 JtHDNE ¢ ER2ds U2 Ao 287 Al Mot € £ QUCH
1. A &: 20|& YEAHSemantic Transparency 10 ULEH E =0 Chomskyll &= Ellz T&E
Chse 282 2t
“Colorless green dreams sleep furiously.” Noam
Chomsky= 0l 22[0l(nonsense) S W2 SHA, “Furious dog dreams about colorless green.”
40| 2z HEGHH =M UCH dtHeE o “Colorless green dreams sleep furiously.”
&3 Q0|12 HYoA 2 £ dess BYL[1] 0] 28 “Dreams green furiously colorless sleep.”
A2 gyntax SHHUAM BH 225 2X0|XCH 20|12 “Green green furiously colorless colorless.”
HNogz 203 ME R20lotCh= AHOICH = syntaxet
semantics® XMzl 9= 295 021, HIlH mas 0 TISE 5l dAH=EE, Otdhe WeZ+5 1
AMSe =295 M2 =Yoot olojpxdt sganye  SI0IH L0 B8 =0s10, 1 d(Ed)2 B8
240/ Ct. SWHHCH Chomskye MAZEH =HUHAMD 0 2&E2
24U 0] 2ROl 19 wxE ol12tol oo nEy c=XA, SAHH S8 280U LAz S0 FHRole H
A ©0IZ ®sl 22LOIIX Rots A otck. o FO TEA SHO WAL =2 X2 OFLITE
JIEHIEe 2RS N2MNE 2 =9 geyey =5 2R =olde B0l syntax? semantics
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A2l semantic transparency2 scaling measureE AtS
g = s, 1 IJtsdgd2 HAAGHH st

CHANGED

8 1 S0 havelt HE Z8 8 HOHS2 neighboring frequency 2t
degeneracy. 25 Ot2 1 =02 have22l neighboring frequency2t
degeneracyE LIEFHCE ('to'Q frequency= 1759, degeneracye 1
0l22, ‘changed' 'found' 'gone' 2 11 S0 ZCt) & o2t A
2ot @45 frequency= EOtXI1) degeneracy= =O0F&ICH,

3. A0I¥2Z A2 GHOIHUIERA

SIOIHUERZa 22 st&l HZ2/0 &8 random
graph 292 A JIEXJF B0HE  SHOIHIOH=E

=
(hypergraph)2 A &3HE £ QCH[4] odlolHIHEES
24d5t= k2l verticez &l k—order o0IIH Ol Xl
= 1 edgel JIEXE IOIHUER/KAZE R4As

e O d=(vertice)2t2l k-order correlationS LIE
4 £ QCH 0l0] SIOIHUIERKZAS 0leist E842 E2
otd Ct&st SO0HHIA THE olAl & 240 2= AE

[5,6,7101 OI20{&l Ht QUCH.
222 M(query)e ©OHE et &M M0A

=
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01€ 1 Bl&=(frequency)dil et =F& Q22 Lt
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