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ABSTRACT

It is important to detect speech active interval from Noisy Speech in speech communication and speech
recognition. In this research, we propose characteristic parameter with combining spectral Entropy for detect
speech active interval in Noisy Speech, and compare performance of speech active interval based on energy.

The results shows that analysis using proposed characteristic parameter is higher performance than others in
noisy environment.
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(1) 54 =298 1 : Entropy

(2) 54 =&t 2 : EntropyxLog energy

(3) &4 =29y 3 : Entropyx(ZCR_max-ZCR)

(4) 5% H2}1E] 4 : EniropyxLog energy(ZCR e ZCX)
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