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fi C, positive excitatory | 0.10
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Recognition Results
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f; Cy pos. excitatory | 0.60—0.70

fis Cs pos. inhibitory | 0.50—0.80

fi6 C, neg. excitatory | 0.40—0.36

fq Cy neg. inhibitory | 0.60—0.70
7. B
& AgellM s AN S HESAs AT S
% 53 fRswe] FEwde FAd Af@d
g ol FAATEY SHoRYE SAgue e
U =zte] AlEstE AAE Ko # Rk, g
HGL AZ7LREHE g5 229 mHdS B
T A @k ASFE ¥ Vs 2% Pl
o FEHRAL A4 < tidAe] Wt W}E}
O AGgAE Aol AoE = vk AolA A4
71 g5Tss At 8 71‘[”‘” dael #
GRS 23AA F A o =3 AAE EE
545 &85kl A2zl Eﬂtﬁ @%71‘%‘33} Baen
Ho] fFades Bste o R: &8d 5 US
Zlol .
3 ATE 21 Y] ZEEC] AFAGe dBom F
P R S v

@711&71*7}]1:'1/\}044 08B3-04-11T #A| 2 A Ldd A,

il

ek

I-_TI__E_

[1] Henry A. Kautz: A formal theory of plan recognition and
its implementation, Reasoning about plans, Morgan
Kaufmann Publishers Inc., San Francisco, CA, 1991.

[2] Sandra Carberry: Techniques for Plan Recognition, User
Modeling and User-Adapted Interaction, Vol. 11. 31-48,
2001.

[3] Neal Lesh, Charles Rich, and Candace L. Sidner: Using
plan recognition in human-computer collaboration:
Proceedings of the Seventh International Conference on
User Modeling, 23-32, 1999.

[4] Weiming Hu, Tieniu Tan, Liang Wan, Steve Maybank: A
Survey on Visual Surveillance of Object Motion and
Behaviors, IEEE Transaction on Systems, Man and
Cybernetics, Part C, Vol.34, No.3, 334-352, 2004.

[5] Alper Yilmaz, Mubarak Shah: Actions Sketch: A Novel
Action  Representation. IEEE  Computer Society
Conference on Computer Vision and Pattern Recognition,
Vol. 1. 984-989, 2005.

[6] Ho-Joon Kim, Hyun S Yang: A Neural Network Capable
of Learning and Inferencing for Visual Pattern
Recognition, Pattern Recognition, Vol. 27, No. 10, 1291-
1302, 1994.





