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Abstract

Speaker Recognition for the Intelligent Service
Robot For this
purpose, speaker recognition based
on Gaussian Mixture Model(GMM) and use robot
platform called WEVER, which
Robotic Companion{URC) intelligent service robot
developed at Intelligent Robot Research Division
in ETRI. The experimental

is implemented in this paper.
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results reveals that
the approach presented in this paper yields a
good identification (89.00%) performance within 2

meter distance.
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2.1 Mel-Frequency Cepstrum Coefficient
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2.2 Gaussian Mixture Model
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