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A Recommendation System based on Context Reasoning
by Data Mining Techniques
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2.1 3391 2)(Context-Awareness)

Context-Awareness( 5 Context-Aware) & 4
ool AFHI JdE A4 i FRE
ggstdd a9 #A™EE  AHEYG  AMojuxE
AL 2o A Asstaz &= Aoldk  [3]
Context-Awareness©] 2} & ol Schilite}
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Dey[5]¥ Context® FA’, FAP°, Az a8z
gy TY d AR wAHste EF AsEE
A A8 T

2.2. Decision Tree

Decision Treet iAol He Igg 2 79

23dozr FEIIYq EF 2 AdF5E& FIYsie
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Decision Treelr 7HAE EEse WE, F

A E 2 9] (Entropy) £+ 0] 58 (Gain Ratio) Toll uhel
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2.3, Support Vector Machine

Support  Vector Machine(SVM)S EAIX &%
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SVME F Jde= FEE §E@E HAE e
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Support Vectorgt 31 g},

o] Support VectorEE o|Fold  HAWEO
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A@egge A2 E thaad A ¥ (Polynomial Kernel)d
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At 719k =2 (CBR: Case-Based Reasoning)2 34 9]
AES ugo® HA FAY {FAZ @4 EA9
HAade FE3t=  7lHolth. CBR A2
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1) Intention Module
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DAEE TS AgAels FAsHs mgolry,  IAH FoIEHE 4 WolM  Steaming Music
Service® A Fste & IAZHEH £ RAOBA,
Mo SOt AL g 2. 012: 7 ;}%O;P%Af} ﬂg %?_% £ <1)171%_1 g?{
e A 1 YA (Context ZA): AHEAE QAg  HolHE 7|A4FozRH 3 HALoH, dAE=
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AFAME Web Service2HE ¥ e HelHE Fa Adn FHE HolHz= A A9
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Intention Module® F%37] YA, 3"
dolg 2 2E ALER A7F =& ENE & ‘Yes,
A &L & No'Z e 5E4HA ‘WantMusic’ S
A8t th ALE dlolE ol A o] WantMusic 43 #he
E¥XE <E 4-1>3 g}

<¥ 4-1> WantMusic £A47F X

WantMusic | 3 4 H] &

Yes 144 84.2%

No 27 15.8%
Intention Module®] TFFHol& 7719 4= £A3
hel BE 40 ASHYALH, AT JAEHL
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Decision TreeS ©] %3 Intention ModelE EE2
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A7 e HAH2 Decision Tree 292 7] 93
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A3z ey, HFxT IHFHE HA ALY
A4E 302 319t C5.0 Decision Tree 2P
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2YTE 4~ 4 HF 3
g4 %, 7 2F, TE W3y

Be, 39, 0¥, &

Pl | g 49 Here o | £33
Fuzle | 83 d9 Jure o | XY
HA71L | 43 d9 AL o | F#X¥
sVM  EdE FEE& % Ad  ggEs
RBF(Radial Basis Function)& A}&3}%ltl. RBF #Ad
g F A9 SEveE C 4 oy o 2Ao

Fasith, B ApoAE HHe SVM EdE 3V
sl C & 1, 5 10, 25, 50, 100, 100028 W73
JpdA aga 4zt C gl "t y & 05,1,2,5,
10, 5002 WA 7194 2dE FF39%Y. SVM
298 LIBSVM2.82E8 AM&3td F&3 9.

CBR E4 FFHo AiEHE A= FF
(Similarity Function)t® 2 (4-1)Z A}E3I%th. o 7] A,
N, = AN=2g A& 7 9A
A P A HA on 2 249 AS
f(N,CHe F £4% N, C, Aold Azlgsy
W e ids &40 i@ 7tFAo|th
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Similarity (N,C) = =——
>,
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4 @nd AdEFE fO = F AdY 543
FAES 5357 98 Aoz, ¥ APNE Ha
By S40l £AFY A 4 @)E s
4714, Max & AdMolsd g RE AR
iAA S43 & Adgeln, Mine Aagolth

2l (4-1)

1-d if0<dsl

G CE)
0 ifd>1

f(N,-,Ci)={

A
Al Abel |y = ° )
3}7_] 0:}1:, 7}‘2 7‘?5
Al
B 1102105 ]| 02
% EX 021 1 0.2 0
7+ 051 02 1 0.2
A& 02 0 0.2 1
SALE =4
1 N, =C,
4 05 | N, & C, o #o] =1 A€
02 | N, & C, o o] =2 749
0 Otherwise

CBR 299 352 dl(Solution)S XA 3l7]
A48l FzEHE HIZH oY F k4 HAm
AEe AEHE A5 JHEANEREH gL
FEg @A dd. oA, HHe CBR EEE
TE57) A k&S 1, 3, 5 12 A 7hEA
AQE T893, JFEAHEY FRoe, F34

Wl os) 100719 FEAEEHE AT T,
Z7vE A4 ERoA FHdolg g diE
17 £2L2 dFATE B2 JEXEEHE HE
2do 7IFAHEHERE A1E3%Y. CBR O Ede
MicrosoftiA}2] Visual Basic 6.02 A}&35to] 7lgsl .

2 dFdAME B9 AdFAHT Hrid oA
Training Data Sete 22X €9l &g A3 ex

AP E grstyl A8l 10-Fold i3 5 (Cross
Validation)& 338t th. Decision Tree EE, SVM
29 zgls CBR 299 Validation Data Setol thgh
10-Fold ¥ AFEL 27z 90.6%, 90.2%, 93.3%°]t}.
Z 71 ENY A5 Aol FAHoE Aolit
AN 2Fs7] sl <E 44>9 Zo| Paired
Sample t-Test® T33I3ith. 2 23, CBR EHo]
FAFFE 5%l SVM EdRY, a8n foleF
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4.3 Mood Module?] 7%

Mood Module® T%35}7] HslA, WA AlgA9
222 A Ao Ftexg, & ‘Slow Music’, ‘Fast

Music’, 2831 ‘Any Music’22 F /3. Slow
MusicE Hedgun  R&stn 3 F=29
goto2 A ‘Ballad’®t ‘R&B’7} 7)o 43t} Fast
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= {Ballad , R& B, Rock ! Metal, Dance}
n, : dao £& g2 & NF
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03 ifi="R&B

© % 107 ifi="Rock/ Metal
0.9 if i ="'Dance
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K : ¥5%29 A
o9 fygo] Re=ygn =EW FE 5 G, &
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<E 4-5> AR Rz AR

A4z RE bl
M(d)- M <-0.05
~0.05<M(d)- M <0.05
M(d)-M 20.05
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Any Music
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29-% Intention Module®] 7-¢-¢ whitrtA Aoz
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AEEL 633%)1 At
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Microsoft Visual Basic 6.0 2.8 PC Aol Al L@ E ).

2 AFdAE H7F SZAZR Accuracy(BFE)E
AFE3ELA T Accuracy= A (5-1)3 ol AAEIR =4,
FHE F4E FolA *‘Xﬂi A3 ooko] H &9
Hog Lo
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<# 51> Test D
Accuracy B & R F31 o}

<E 5-1> ¥ Al2"9] Accuracy ]I

Al =" Accuracy
M>-C 73.6%
M’ 89.8%

< 5-1>0lA HE upgl o], M’ Accuracy:=
89.8%F A 73.6%% M-CEU 162% IERJETE
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EFEH} Foo dFd FEL& Fozx FH9
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