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Abstract

For better predictions and classifications in customer
recommendation, this study proposes an integrative model
that efficiently combines the currently-in-use statistical and
artificial intelligence models. In particular, by integrating
the models such as Association Rule, Frequency Matrix,
and Rule Induction, this study suggests an integrative
prediction model. The data set for the tests is collected from
a convenience store G, which is the number one in its brand
in S. Korea. This data set contains sales information on
customer transactions from September [, 2005 to
December 7, 2005. About 1,000 transactions are selected
for a specific item. Using this data set, it suggests an
integrated model predicting whether a customer buys or not
buys a specific product for target marketing strategy. The
performance of integrated model is compared with that of
other models. The results from the experiments show that
the performance of integrated model is superior to that of
all other models such as Association Rule, Frequency
Matrix, and Rule Induction.
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Matrix), 3% 7] (Rule Induction)®] 37}% =3 &
TA7INe 2 B3% SR L AAstua o

TREFLE B4 THW)N NeFHABE A
ASFM(ASsociation rule and Frequency Matrix) 23,
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&7 9t W FENGS AHEET G
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N FEIYE FUE Fo HFHE dF 73S
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HolElwtolrd Il wla GshA|RE, dnkHo=
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4.2 Y153 ¥ (Frequency Matrix)
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IF Sweets Buy Then Milk Buy
F43 | @48 Fusd FA | 4
348 7o)

<X 5> 77EGEZ]Y FE 4P (Data Set 1)
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3 4

A E =

IF Tobacco Buy Then Milk Buy
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A0 S5 o)
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'ﬁ'i] 6 Buy o) = 15
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cream Buy Then Milk Buy

(3285 BAFE
THiEhE FA +HE 7o)
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st e FohsE S

945 Foh)

1.0

IF Spring water Buy Then Milk Buy
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A 1 zaze Faga sA9 | 8
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(gl 2} %’&3‘38 Tl 3}
Al 7 E T)
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4.3 773 %7} (Rule Induction)
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AFAS JWE AET W AEE AP 5 Qs
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522 2 4 A9 w3 FHFE/HS -4"}@7‘3
4R 02 Hof glo] A% eo) del A9
7HA3L Y= "EES BHEs] RAFET &, 14 ]
oA HAL&IF=A ofsisty] YA P FAoly
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282 A5A s AdolAd RE, A4S
Ao Aol AAuolzs] WS ol
ato] ARgAe] FA dAE E9FE FEU|H9
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@A AFHES Fols
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3 10
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(42 FoE FA $4E
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73 11
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@de TS FA
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IF Health beverage Buy and Ice
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Step I: Model Construction using
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Step 1: Applying data mining techniques

Model 1 Model 2 Model 3
Association Frequency )
Rule Matrix Rule Induction

Step 2: Rule extraction o o

Integrated Rules
(R + R, +R,)

Hybrid Model

Integrated Model in KnoWledge (Rules) }
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S Kisus: Rz A= ASFM ASRI FMRI ASFMRI
= TT3(A) (B) 71%(C) (A+B) (A+C) B +C) (A+B+C)
Set 1 64.0 52.5 68.0 64.0 70.5 68.0 73.5
Set 2 62.5 51.5 69.5 63.5 76.0 69.5 77.5
Set 3 68.5 51.0 73.5 68.5 79.5 73.5 79.5
Set 4 66.5 52.0 73.0 69.5 73.0 75.5 79.0
Set 5 61.5 51.0 64.5 61.5 68.5 65.0 70.0
Set 6 67.0 50.5 70.0 68.0 80.5 70.0 82.5
Set 7 62.0 52.0 68.0 64.5 70.0 69.5 70.0
Set 8 64.5 52.5 64.0 66.5 74.0 69.0 77.0
Set 9 59.0 52.0 64.5 63.0 74.0 66.5 74.0
Set 10 645 52.0 61.0 64.5 68.5 65.0 70.5
e 64.0 51.7 67.6 65.35 73.45 69.15 75.35
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