ANENE LI X5 Ao|AEE o] &3 A= A=dd g A+
The Study for Railway Tourism System using Artificial Neural Network
and Intelligent agent
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ABSTRACT

Intelligent agent is to decide what customers need on the internet and offer them accurate information. In
this paper, the system which can recommend the tourism items in terms of customer's needs is proposed by
appling the intelligent agent to railway tourism system. Most of previous agents are focused on price. But,
this study proposes the Railway tourism system which offers each customer the best suitable information
based on quality of information and reputation. The customer's needs are analyzed through intelligent agent

and the information which is suitable for customer's needs is obtained the Artificial Neural Network Model.
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3. A% #AF A 2= (Railway Tourism System: RTS)
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4.3 21 A1 (Artificial Neural Network: ANN)
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4.5 Logit Model
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